Abstract We test whether investment explains the accrual anomaly by splitting total accruals into investment-related and ''nontransaction'' accruals, items such as depreciation and asset write-downs that do not represent new investment expenditures. The two types of accruals have very different predictive power for firm performance, not just for future earnings but also for future cash flow and stock returns. Most importantly, nontransaction accruals have the strongest negative predictive slopes for earnings and stock returns, contrary to the predictions of the investment hypothesis. A long-short portfolio based on nontransaction accruals has a significant average return of 0.71 % monthly from 1972 to 2010 and remains profitable at the end of the sample when returns on other accrual strategies decline. Our results suggest that nontransaction accruals are the least reliable component of accruals and show that a significant portion of the accrual anomaly cannot be explained by investment.
Introduction
The accrual anomaly is one of the strongest and most striking asset-pricing anomalies. Sloan (1996) shows that accruals, measured in his paper as changes in working capital minus depreciation, have strong predictive power for stock returns after controlling for a firm's size, beta, and other characteristics. Stocks in the bottom accrual decile outperform those in the top accrual decile by roughly 10 % annually, a result that has been confirmed in numerous follow-up studies.
The source of the accrual anomaly continues to be the subject of much debate. The literature offers two primary explanations, one emphasizing the link between accruals and earnings and the other emphasizing the link between accruals and investment. Distinguishing between the two is important both to clarify the economic forces underlying the anomaly and to understand better how investors use, and possibly misuse, accounting numbers. Sloan (1996) proposes the first explanation, based on the idea that accruals inject transitory ''distortions'' into the earnings process. He shows that accruals are significantly less persistent than cash flows and, controlling for the level of earnings today, firms with higher accruals tend to have lower subsequent profits. Sloan suggests that investors do not understand this relation and consequently overvalue stocks with high accruals and undervalue stocks with low accruals. The strongest version of this hypothesis says that investors fixate on a firm's total earnings and do not differentiate at all between cash flows and accruals, so this hypothesis is sometimes known as the earnings-fixation hypothesis. Fairfield et al. (2003) propose the second explanation, based on the link between accruals and investment. Fairfield et al. observe that Sloan's accrual variable is a component not only of earnings but also of growth in net operating assets (NOA). They show that changes in long-term NOA have similar predictive power as working-capital accruals. Thus, Fairfield et al. argue that the accrual anomaly reflects a general ''growth effect'' arising from diminishing marginal returns from investment. An alternative interpretation, emphasized by Fama and French (2006) and Wu et al. (2010) , is that accruals and investment simply covary with rational variation in expected stock returns: a lower cost of equity should naturally lead to more investment. In either case, both interpretations of the investment hypothesis suggest that accruals predict stock returns only because they are closely tied to investment.
To date, the empirical literature has not distinguished directly between the two hypotheses above, though a number of studies provide evidence consistent with one or the other. For example, Xie (2001) and Richardson et al. (2005) show that ''discretionary'' and ''less reliable'' accruals are the least persistent and most mispriced types of accruals, consistent with idea that investors do not fully understand the earnings-generating process. Dechow and Ge (2006) find that special items help explain the mispricing of low-accrual firms, while Richardson et al. (2006a) show that accruals unrelated to sales growth contribute to the low persistence of accruals, again consistent with Sloan's (1996) earnings hypothesis. On the other hand, Zhang (2007) shows that the accrual anomaly is stronger when accruals are more highly correlated with employment growth, suggesting that growth plays an important role. Dechow et al. (2008) find that accruals and retained cash are similarly mispriced and ''conjecture that the accrual anomaly could be driven by … a combination of diminishing marginal returns to new investment and agency-related overinvestment'' (p. 539). Khan (2008) and Wu et al. (2010) conclude that accruals are related to risk, consistent with the idea that accruals are linked to investment and rational variation in expected returns.
An important limitation of the literature is that no study explicitly tests whether investment does (or does not) explain their results. For example, changes in longterm NOA-the measure of long-term accruals used by Fairfield et al. (2003) , Richardson et al. (2006a) and Dechow et al. (2008) -reflect new investment expenditures made by the firm as well as accruals such as depreciation, asset writedowns, and deferred taxes that are not tied to new investment. Thus, DLTNOA captures the impact of both new investment and non-investment accounting charges. Similarly, the variables considered by Wu et al. (2010) combine investment-and non-investment-related changes in balance-sheet accounts, making it hard to know whether investment actually explains their findings. In short, existing studies do not explicitly test whether the predictive power of accruals can be traced to investment.
Our goal is to provide a direct test of whether investment explains the accrual anomaly. The key empirical challenge comes from the tight link between investment and accruals, since most investment expenditures have a one-to-one impact on accruals under the principles of historical cost accounting. This link makes it difficult to say whether the accrual anomaly is driven by a firm's underlying investment expenditures (the investment hypothesis) or the way expenditures are accounted for in the firm's financial statements (the earnings hypothesis). However, as noted above, investment and accruals are not identical: while many accruals reflect new investment, others such as depreciation and asset write-downs represent changes in the capitalized value of existing assets that are not tied to new investment transactions. We exploit this wedge between investment and so-called ''nontransaction'' accruals to test whether investment truly explains the accrual anomaly. As far as we know, our paper is the first to distinguish explicitly between investment-related and non-investment-related accruals.
To be more specific, we break a firm's total accruals (DNOA) into workingcapital accruals, long-term investment accruals (new expenditures on long-term NOA), and an estimate of nontransaction accruals obtained from the statement of cash flows and earlier flow-of-funds statements. This decomposition isolates accruals that are linked primarily to accounting policy rather than new investment. The earnings hypothesis suggests that nontransaction accruals should have the strongest predictive power for earnings and stock returns, while the investment hypothesis implies the opposite. Thus, our decomposition allows us to test the competing predictions of the two hypotheses directly.
Our central empirical result is that nontransaction accruals contribute significantly to the accrual anomaly, both to the low persistence of accruals and to the predictive power of accruals for future stock returns. In fact, the predictive slopes on nontransaction accruals are larger in absolute value than the slopes on workingcapital accruals and long-term investment. In standard persistence regressions (earnings regressed on prior-year earnings and accruals), the slope on nontransaction accruals (-0.45 ) is many times larger than the slopes on working-capital accruals (-0.13) and long-term investment (-0.08) . Similarly, in predictive regressions for stock returns, the slope on nontransaction accruals is more than 70 % greater than the slopes on working-capital accruals and long-term investment. These results provide strong evidence that investment alone does not explain the accrual anomaly: accruals that are not directly tied to new investment have stronger predictive power for earnings and returns than investment-related accruals.
For additional perspective, we form portfolios based on the component of nontransaction accruals that is uncorrelated with working-capital accruals and longterm investment. This allows us to isolate returns associated with the portion of nontransaction accruals unrelated to investment. From 1972 to 2010, the bottom decile outperforms the top decile by a significant 0.71 % monthly, comparable in magnitude to the return spread when stocks are sorted by working-capital accruals or long-term investment. The nontransaction-accrual strategy also remains profitable at the end of the sample when returns on other accrual strategies decline. In short, accruals that are uncorrelated with current investment have strong predictive power for future stock returns, consistent with the predictions of the earnings hypothesis.
Our results are perhaps most closely related to Dechow and Ge (2006) 's study of special items. However, as we discuss in Sects. 2 and 3, special items and nontransaction accruals differ in keys ways-special items explain only 24 % of the variation in nontransaction accruals-and adding special items to our return regressions has little impact on the results. Nontransaction accruals also remain highly significant even when we control for prior investment. Thus, while nontransaction accruals often relate to past investment expenditures, the predictive power of nontransaction accruals does not simply capture a long-term investment effect carried over from prior years.
Our paper contributes to the literature in several ways. First, we provide a novel decomposition of accruals that allows us to test directly whether investment and non-investment accruals have different predictive power for earnings and stock returns. Prior studies combine investment and non-investment accruals, making it hard to discriminate between the earnings and investment hypotheses. The accrual variables in our decomposition have very different predictive power for firm performance-not just for subsequent earnings but also for subsequent cash flow, accruals, sales growth, and stock returns-confirming that our decomposition captures important differences among different types of accruals. Most important, nontransaction accruals have the strongest predictive power for future earnings and stock returns, contrary to the predictions of the investment hypothesis.
Second, our tests show that earnings positively predict stock returns and, depending on the exact specification, the slope on earnings can be nearly as large in magnitude as the negative slope on DNOA. The implication is that a single combined measure-earnings minus accruals, equal to the firm's free cash flowpredicts stock returns nearly as well as the two separate variables do when used together in a regression. Thus, our evidence suggests that a pure cash flow variable explains a significant portion of the accrual anomaly (see also Desai et al. 2004; Dechow et al. 2008) . However, we show that nontransaction accruals have strong predictive power for returns even controlling for a firm's free cash flow, again contrary to the investment hypothesis.
Third, we find that depreciation, along with other items in nontransaction accruals, has significant predictive power for stock returns. This result is surprising because prior studies suggest that depreciation contributes little to the accrual anomaly (e.g., Sloan 1996; Thomas and Zhang 2002) . The strong depreciation effect in our tests is explained by the fact that our regressions control for earnings and long-term investment, not just working-capital accruals. The predictive power of depreciation is smaller if earnings and long-term investment are omitted from the regressions because depreciation correlates negatively with earnings and positively with investment.
Finally, we provide comprehensive evidence on the predictive power of accruals among larger firms. While prior studies show that accruals predict stock returns among larger firms (Fama and French 2008; Richardson et al. 2010) , studies that examine the connection between accruals and future earnings typically do not consider large firms and small firms separately. In contrast, we repeat all of our tests dropping from the regressions micro-cap stocks, which represent only 3 % of total market value but over 61 % of firms in the sample. We find significant differences between the full-sample and large-firm regressions, but our main conclusions hold in both groups.
The remainder of the paper is organized as follows. Section 2 describes our accrual decomposition and further motivates our tests. Section 3 describes the data. Sections 4 and 5 report predictive regressions for earnings and stock returns. Section 6 concludes.
Accruals versus investment
The tight connection between accruals and investment makes it hard to test whether the predictive power of accruals is explained by firms' investment expenditures (the investment hypothesis) or the way expenditures are accounted for in firms' financial statements (the earnings hypothesis). Our empirical strategy is based on the simple observation that the connection between accruals and investment is imperfect. Thus, we attempt to isolate accruals not linked to new investment expenditures and test whether these nontransaction accruals have different implications for subsequent earnings and returns compared with other accruals.
The starting point for our analysis is the broad measure of accruals considered by Fairfield et al. (2003) , Richardson et al. (2006a) and Dechow et al. (2008) :
Total accruals ¼ change in net operating assets (DNOA):
NOA is defined as noncash assets minus nondebt liabilities or, equivalently, as net working capital (WC) plus long-term net operating assets (LTNOA). Thus, total accruals can be expressed as:
The predictive power of investment and accruals 
These items include all non-working-capital adjustments made in the SCF to reconcile earnings with cash flow from operations and thus represent all accruals identified as distinct from investments in working capital and long-term assetsprecisely what we want to measure. Notice that the terms on the right-hand side represent negative accruals, so their sum defines the negative of NTAcc. Also, the final item in the list is the difference between the value of extraordinary items and discontinued operations (EIDO) reported in the SCF and the value reported in the income statement. We define it this way because Compustat reconciles income before extraordinary items, not net income, with cash flow from operations. As a result, the value of EIDO in the SCF reflects the cash flow implications of EIDO, while the difference between the income statement and SCF values represents accruals associated with EIDO (which is what we want). The components of NTAcc are discussed in more detail in Sect. 3. A limitation of the data is that we do not know whether the items included in NTAcc affect short-term or long-term assets and liabilities. However, since most items relate to long-term accruals, we assume that NTAcc primarily affects LTNOA. The remaining component of DLTNOA then provides a measure of longterm investment expenditures (InvAcc):
The logic is that changes in LTNOA reflect net new investments made by the firm, such as acquisitions or capital expenditures, and changes in the capitalized value of existing assets that are reflected in NTAcc through items such as depreciation, deferred taxes, and asset impairments. Therefore, the portion of DLTNOA remaining after taking out nontransaction accruals provides a better measure of new investment than the total change. The separation of DLTNOA into investment and nontransaction accruals then implies the following decomposition of total accruals:
This decomposition serves as the basis for our empirical tests. It allows us to explore the differential predictive power of working-capital accruals, long-term investment, and nontransaction accruals for future earnings and stock returns. Our central thesis is that NTAcc should not predict subsequent returns, controlling for the other two components, if investment explains the accrual anomaly. The decomposition in Eq. (5) provides a novel breakdown of accruals. Prior studies decompose accruals along a number of dimensions-short-term versus longterm, discretionary versus nondiscretionary, reliable versus unreliable-but do not distinguish explicitly between accruals driven by new investment expenditures and nontransaction accruals. The advantage of our approach is that, by isolating accruals that are not tied to new investment, we can directly test whether investment explains the accrual anomaly. Our motivation is similar to that of Richardson et al. (2006a) , who test whether accruals that are unrelated to sales growth contribute to the low persistence of accruals. However, their efficiency measure encompasses all accruals that are not proportional to current sales growth, including new investments made by the firm, and therefore may capture the predictive power of both distortions and investment.
Our analysis also shares some similarities with Richardson et al. (2005) , who rank accruals according to their perceived reliability. Our motivation differs, but one could argue that nontransaction accruals are subject to the most discretion and include many of the accruals that Richardson et al. highlight as ''low reliability,'' including depreciation, asset write-downs, deferred taxes, and provision for bad debt (Richardson et al. 2005, pp. 448-450) . These items rely disproportionately on the subjective judgment of managers and, for the most part, are not tied to verifiable transactions with third parties. This is a strength of our approach because it highlights the stark difference between the earnings and investment hypotheses: the earnings hypothesis, together with the reliability arguments of Richardson et al., suggests that nontransaction accruals should be the most mispriced component of accruals, while the investment hypothesis suggests that nontransaction accruals should have no predictive power after controlling for investment.
Our analysis of nontransaction accruals also overlaps with Dechow and Ge's (2006) study of special items. One important difference is that Dechow and Ge do not test whether special items correlate with investment or predict earnings and returns after controlling for investment. Furthermore, special items and nontransaction accruals differ in key ways. According to Compustat, special items represent ''unusual or nonrecurring items'' in the income statement. As such, special items exclude many nontransaction accruals (depreciation, deferred taxes, provision for bad debt, deferred revenue, goodwill amortization for unconsolidated subsidiaries, extraordinary items, etc.) and, at the same time, include not just accruals but also cash flows (litigation costs, restructuring charges, severance pay, cash flow from The predictive power of investment and accruals discontinued operations, etc.). As a consequence, we show below that nontransaction accruals and special items have a relatively modest correlation of 0.44 in our sample and controlling for special items has little impact on our results.
Another attractive feature of our approach is that it leads to a novel decomposition of earnings into accruals and cash flows. In particular, earnings minus nontransaction accruals provides a measure of operating cash flow (CF) before working capital and long-term investment:
where NI is net income (prior to the adoption of SFAS 95, this measure is precisely what Compustat reports as ''Funds from Operations-Total''). The firm's free cash flow can then be defined in two equivalent ways. First, following Dechow et al. (2008) , free cash flow can be expressed as the difference between net income and total accruals:
Second, subtracting NTAcc from both terms on the right-hand side of this equation, we can re-express FCF as:
In other words, free cash flow can be interpreted as either the difference between earnings and accruals or as cash flow left over after investments in working capital and long-term assets. The second interpretation illustrates why DWC and InvAcc together provide a better measure of new investment than does DNOA: the sum of DWC and InvAcc can be expressed as the difference between CF and FCF, which is exactly what we mean by a firm's investment expenditures.
Data and descriptive statistics
Accounting data for our tests come from the Compustat annual file, and stock returns come from the Center for Research in Security Prices (CRSP). Since our initial tests focus on accounting performance, we describe the Compustat data here and discuss the return data later.
Sample
The sample includes all nonfinancial firms on Compustat that have data for net income, total accruals, and average total assets in a given year (financial firms are identified using historical SIC codes from CRSP). Our tests start in 1971, the first year that Compustat has the data items for nontransaction accruals. In addition, because we repeat our tests using only firms larger than the NYSE 20th percentile ranked by market value (price times shares outstanding), we require firms to have beginning-of-year market value on CRSP. Our final sample has an average of 4036 stocks per year from 1971 to 2009, for a total of 157,411 firm-years. The sample of ''all-but-tiny firms,'' larger than the NYSE 20th percentile, has 1542 firms per year, for a total of 60,149 firm-years. The all-but-tiny sample essentially drops micro-cap stocks from the regressions. For example, at the start of 2009, the NYSE 20th percentile is $308 million, close to the popular cutoff between micro-cap and small-cap stocks (e.g., Investopedia.com, Fama and French 2008) . From 1971 to 2009, micro-caps make up slightly more than 61 % of the sample but only 3 % of total market value (in 2009, the largest stock in the sample, Exxon, has a market value twice as large as the combined value of all micro-cap stocks). Thus, the all-but-tiny sample provides a simple check of whether our results are driven by the large number of economically small firms on Compustat or also extend to larger firms.
Variable definitions
The variable definitions are consistent with our analysis in Sect. 2. We begin with the following variables:
WC ¼ net working capital current assets À cash À current liabilities ð þ short-term debtÞ;
Accruals equal the annual changes in these variables, supplemented with nontransaction accruals from the SCF (and its antecedents):
Depr ¼ depreciation and amortization accruals negative of expense ð Þ ;
Notice that the final two items above break nontransaction accruals into depreciation accruals and other accruals, a decomposition that allows us to test whether depreciation differs from other types of nontransaction accruals. Accruals therefore satisfy the following identities:
Finally, our tests use information about a firm's earnings and cash flows:
Following the convention in the literature, the variables are scaled by a firm's average total assets for the year, defined as the average of beginning and ending total assets. We then winsorize the variables annually at their 1st and 99th percentiles to reduce the impact of extreme outliers on the regressions. A consequence of this winsorization is that the various accounting identities do not hold exactly in the data for the small set of firms for which the winsorization affects one variable but not another. We show later, however, that this has minimal impact on our results. Table 1 reports summary statistics for the sample. The statistics represent the average from 1971 to 2009 of the annual cross-sectional mean, standard deviation, and 5th and 95th percentiles for each of the winsorized variables. We report the average of annual cross-sectional numbers to be consistent with the Fama-MacBeth regressions discussed below. In the full sample, average operating cash flow is positive (5.0 %) but average net income and free cash flow are both negative (-2.7 % and -7.1 %, respectively). Working-capital accruals average 1.0 % of assets and changes in LTNOA average 3.4 % of assets, implying that total accruals equal 4.3 % of assets. The change in LTNOA reflects 11.0 % of new investment (InvAcc) and -7.6 % of nontransaction accruals (NTAcc), where the latter item consists of depreciation accruals of -5.1 % and other nontransaction accruals of -2.4 %. Long-term investment is the most volatile component of accruals, with a cross-sectional standard deviation equal to 16.4 %, but variation in working-capital accruals (10.3 %) and nontransaction accruals (9.0 %) is also large relative to typical earnings or cash flow. These volatilities imply that our tests have reasonable power to detect the predictive ability of different accruals.
Descriptive statistics
The right-hand columns in Table 1 show that earnings, accruals, and investment behave much differently among larger firms. Average net income becomes positive (4.5 %) and average operating cash flow grows to 11.2 % of assets. Working-capital accruals (1.5 %) and long-term investment (12.4 %) also increase relative to the full sample, while nontransaction accruals drop slightly (-6.6 % of assets). As a result, dNOA is nearly twice as high among larger firms, 7.2 % of assets compared with 4.3 % of assets in the full sample. The cross-sectional dispersion in all variables is lower than in the full sample, but the variability of accruals is still substantial relative to earnings and cash flow. Long-term investment is again the most volatile component of accruals (13.0 %), while working-capital accruals and nontransaction accruals have standard deviations that are about half as large (6.3 % and 5.7 %, respectively).
Correlations among the variables, in Table 2 , are similar in the two samples. Focusing on the full sample, net income is highly correlated with cash flow (0.88) and reasonably strongly correlated with all types of accruals other than long-term investment. The components of accruals tend to be positively correlated with each other, with the exception of long-term investment and nontransaction accruals (-0.33). Thus, firms with more negative NTAcc, often due to greater depreciation expense and asset write-downs, tend to be less profitable yet have higher investment expenditures (more on this below). Free cash flow is positively correlated with net income (0.50) and nontransaction accruals (0.20) but negatively correlated with total accruals (-0.57), working-capital accruals (-0.31), and long-term investment (-0.62). Table 3 provides more information about the items that go into nontransaction accruals. The items consist of all non-working-capital adjustments on Compustat that reconcile earnings with cash flow from operations, including depreciation, deferred taxes, the unremitted portion of earnings of unconsolidated subsidiaries, gains and losses on PP&E sales, accruals related to extraordinary items and discontinued operations, and miscellaneous Funds from Operations-Other. These variables encompass a diverse set of accruals but generally represent accounting charges that reduce earnings. The largest components, based on the means and standard deviations, are Depr and FFOther.
Nontransaction accruals: details
FFOther is a hodgepodge of items, including accruals related to special items, stock-based compensation, provision for bad debt, amortization of goodwill of Table 1 ). The sample includes all nonfinancial firms on Compustat with data for average total assets, net income, net operating assets, and beginning-of-year market value (from CRSP), for an average of 4036 firms per year and a total sample of 157,411 firm-years. The all-but-tiny sample drops firms below the NYSE 20th percentile based on beginning-of-year market value, leaving 1542 firms per year and a total sample of 60,149 firm-years. Bold indicates correlations that are greater than 0.30 in absolute value unconsolidated subsidiaries, and other miscellaneous accruals. Unfortunately, Compustat does not provide a detailed breakdown of FFOther. To get some insight, we pulled financial statements from EDGAR for three separate years-1998, 2002, and 2006 -for the 20 largest firms in our sample that had big negative FFOther but no special items. We selected firms without special items in order to get a sense of what types of non-special-item accruals are included in FFOther, and we selected data from 1998 to 2006, along with one intermediate year, because the former is the first year for which EDGAR has comprehensive data and the latter is the last year prior to the financial crisis. As reported in the Appendix, the most common items in FFOther relate to asset impairments, provision for bad debt, accruals related to minority interest, amortization of various assets and liabilities, and, in 2006, stockbased compensation and tax items. These accruals drive a significant wedge between earnings and cash flow but are not directly linked to new investment. Of course, in a broader sample, accruals related to unusual or nonrecurring special items would likely be important as well. Figure 1 shows that nontransaction accruals, in general, and FFOther in particular, have become more important in recent decades, mirroring the increase in special items on the income statement. However, as noted earlier, most of the variation in NTAcc, OthAcc, and FFOther is not explained by special items: the cross-sectional R 2 s when NTAcc, OthAcc, and FFOther are regressed on special items average just 0.24, 0.28, and 0.35, respectively, during our sample. These correlations reflect, in part, the fact that most firms report NTAcc and FFOther (98 and 75 %, respectively) but less than 40 % have special items (the R 2 s jump to 0.36, 0.40, and 0.47, respectively, among firms that report nonzero special items). For additional insight, Table 4 explores the characteristics of firms that report high or low nontransaction accruals (bottom, middle, and top thirds of firms sorted annually by NTAcc). Focusing on the full sample, firms with the most negative NTAcc are substantially less profitable (-12.7 % vs. 2.5 %) and have lower returns in the current and prior years than firms with small or positive NTAcc. Low-NTAcc firms tend to have negative special items (-3.7 %), but special items make up a relatively small fraction of nontransaction accruals (-15.8 %) for those firms. Interestingly, firms that report the most negative NTAcc actually have the highest investment spending and M/B ratios, while all three groups have similar operating cash flow, sales growth, employee growth, and delisting and bankruptcy probabilities. Thus, while nontransaction accruals sometimes reflect asset write-downs and impairments, large negative NTAcc are not, in general, a sign of distress or negative growth. More broadly, NTAcc is often a large component of earnings but is not closely related to other contemporaneous measures of growth and performance.
Earnings and cash flow persistence
Our tests start with standard persistence regressions, i.e., we study how the different components of earnings correlate with firms' subsequent performance. An important way we deviate from the literature is that we explore not only the predictability of earnings but also of cash flow. As discussed below, the link between accruals and future cash flow sheds additional light on the lower persistence of accruals and reveals important differences among the different types of accruals. Table 5 reports cross-sectional regressions of earnings on prior-year earnings and accruals. In particular, we report four sets of Fama and MacBeth (1973) regressions: Table 1 , are scaled by average total assets for the year and winsorized annually at their 1st and 99th percentiles. The sample includes all nonfinancial firms on Compustat that have data for average total assets, net income, net operating assets, and beginning-of-year market value (from CRSP) This table reports characteristics of the bottom, middle, and top one-third of firms sorted annually by nontransaction accruals. The average characteristic for each group is reported, along with the t-statistic, t(H-L), testing whether the average value is different for high-and low-NTAcc firms. Earnings, cash flow, and accruals are scaled by average total assets for the year and winsorized annually at their 1st and 99th percentiles. The sample includes all nonfinancial firms on Compustat that have data for average total assets, net income, net operating assets, and beginning-of-year market value (from CRSP), for an average of 4036 firms per year and a total sample of 157,411 firm-years. The all-but-tiny sample drops firms below the NYSE 20th percentile based on beginning-of-year market value, leaving 1542 firms per year and a total sample of 60,149 firm-years a Fraction of firms delisting for performance-related reasons (CRSP delist codes 400-599) within 12 months of the fiscal year-end b Annualized bankruptcy probability based on Campbell et al. (2008, Table 3 , Model 2)
Predicting earnings
The predictive power of investment and accruals
The goal, following Sloan (1996) and others, is to explore the differential persistence of accruals and cash flow, or, equivalently, to test whether accruals predict future earnings after controlling for current earnings. As noted by Fairfield et al. (2003) and Richardson et al. (2005) , equivalent regressions could be estimated with cash flow replacing earnings as an independent variable. For example, Model 1 could be estimated as:
with slopes that are mechanically linked to those in Model 1: e 1 = a 1 and e 2 = a 1 ? a 2 . The slopes in Model 1* can be interpreted as the persistence of cash This table reports average slopes and R 2 s from annual cross-sectional regressions of earnings on prioryear earnings and accruals (intercepts are also included in all regressions). t-statistics, reported below the slope estimates, are based on the time-series variability of the estimates, incorporating a Newey-West correction with three lags to account for possible autocorrelation in the estimates. All variables are scaled by average total assets for the year and winsorized at their 1st and 99th percentiles. The sample includes all nonfinancial firms on Compustat with beginning-of-year market value (from CRSP) and data for all variables within each panel. The all-but-tiny sample drops firms below the NYSE 20th percentile based on beginning-of-year market value. The variables are defined in Table 1 flow and accruals, while the slopes in Model 1 capture the persistence of cash flow (a 1 = e 1 ) and the differential persistence of accruals and cash flow (a 2 = e 2 -e 1 ).
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The contribution of Models 2, 3, and 4 is to test whether different types of accruals have different implications for future performance (or, equivalently, exhibit differential persistence).
Models 1 and 2 in Table 5 replicate the findings of prior studies: earnings are persistent but, controlling for NI t-1 , higher accruals forecast lower subsequent profits. The slope on lagged earnings is 0.75 in both samples of firms and both models, while the slope on total accruals (dNOA t-1 ) is -0.11 in the full sample and -0.09 in the all-but-tiny subsample (more than eight standard errors below zero). The implication is that accruals are significantly less persistent than cash flows. Furthermore, Model 2 shows that working-capital and long-term accruals are both strongly negatively related to future earnings, with slopes that are similar to each other and to the slope on dNOA t-1 in Model 1. Our estimates are close to the slopes on dNOA reported by Richardson et al. (2006a) and Dechow et al. (2008) .
Models 3 and 4, with dLTNOA broken into investment and nontransaction accruals, are new to this paper. The results reveal several key findings. First, working-capital accruals (dWC), long-term investment (InvAcc), and nontransaction accruals (NTAcc) all contribute to the predictive power of total accruals, with slopes that are more than six standard errors below zero. The slopes on dWC and InvAcc are similar to the slope on dNOA in Model 1, while the slope on NTAcc is many times larger, -0.45 in the full sample and -0.30 for all-but-tiny firms. Thus, NTAcc is by far the least persistent component of earnings, consistent with the argument that nontransaction accruals include many transitory and low-reliability accruals (the differences are statistically significant, with t-statistics testing equality that range from -4.50 to -7.53). The results suggest that our decomposition provides a powerful setting to test the earnings and investment hypotheses: NTAcc has strong predictive ability for future earnings but, as discussed in Sects. 2 and 3, represents a component of accruals not driven by new investment expenditures. The earnings hypothesis, but not the investment hypothesis, implies that NTAcc should also predict returns.
Model 4 shows that nontransaction accruals other than depreciation explain the large negative slope on NTAcc. Depreciation is highly significantly negative, with a predictive slope as large as the slopes on dWC and InvAcc, but other nontransaction accruals (OthAcc) have a slope that is roughly five times bigger, -0.60 in the full sample and -0.43 among larger firms. The implied persistence of OthAcc, adding the slopes on NI t-1 and OthAcc t-1 , equals just 0.22 in the full sample and 0.38 for larger firms, substantially lower than the implied persistence of 0.68-0.75 for the other components of accruals and 0.81-0.82 for cash flow. Thus, asset write-downs, deferred taxes, and the other items in OthAcc have a largely transitory effect on earnings.
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A third important result is that, when we control for nontransaction accruals, the predictive power of long-term investment is weaker than the predictive power of working-capital accruals: in Model 3, InvAcc t-1 has a slope of -0.08 (t-statistic of -8.75) for the full sample compared with a slope of -0.13 (t-statistic of -13.28) on dWC t-1 . This evidence suggests that, contrary to the hypothesis of Fairfield et al. (2003) , working-capital accruals and long-term investment have different predictive power for subsequent profitability.
Finally, it is interesting to note that our estimates for the full and all-but-tiny samples are fairly similar, despite significant differences in the samples' univariate properties (Table 1 ). The slopes on NI t-1 are nearly identical in the two samples, while the slope on accruals tends to be modestly more negative in the full sample. Perhaps the most important difference between the groups is that working-capital accruals have stronger predictive power in the full sample, with a slope of -0.13 compared with a slope of -0.08 for larger firms (Model 3). Overall, however, our results suggest that the persistence of accruals and cash flow is fairly similar for small and large firms. Table 6 provides additional insight into the predictive power of accruals. In particular, we replicate the persistence regressions above but substitute operating cash flow (CF) and free cash flow (FCF) as dependent variables in place of earnings. The underlying question is whether the different types of accruals predict performance measured by cash flow in the same way they predict performance measured by earnings. The tests help illuminate differences among the components of accruals.
Predicting cash flow
Several results stand out. First, controlling for current earnings, dNOA is strongly negatively related to firms' subsequent cash flow but different types of accruals have very different predictive power. For example, in the full-sample regressions in Panel A, with CF as the dependent variable, the slope on InvAcc t-1 is close to zero while the slopes on dWC t-1 and NTAcc t-1 are large and highly significant (-0.12 and -0.82, respectively, with t-statistics of -15.82 and -52.20 in Model 3). The results again show that our decomposition captures significant differences among different types of accruals, not just in their predictive power for earnings for also in their predictive power for cash flows. Indeed, the predictive R 2 in Panel A jumps substantially when dLTNOA is broken into investment and nontransaction accruals (Model 2 vs. Model 3), from 0.47 to 0.58 in the full sample and from 0.44 to 0.62 for larger stocks. This table reports average slopes and R 2 s from annual cross-sectional regressions of cash flow before investment (Panel A) and cash flow after investment (Panel B) on prior-year earnings and accruals (intercepts are included in all regressions). t-statistics, reported below the slope estimates, are based on the time-series variability of the estimates, incorporating a Newey-West correction with three lags to account for possible autocorrelation in the estimates. All variables are scaled by average total assets during the year and winsorized at their 1st and 99th percentiles. The sample includes all nonfinancial firms on Compustat with beginning-of-year market value (from CRSP) and data for all variables within each panel. The all but tiny sample drops firms below the NYSE 20th percentile based on beginning-ofyear market value. The variables are defined in Table 1 The predictive power of investment and accruals
The slope on dWC in Panel A is nearly identical to the slope in the earnings regressions in Table 5 , implying that dWC predicts earnings because it predicts a drop in cash flow rather than a decline in working capital or nontransaction accruals (see also Allen et al. 2013) .
In contrast, the slope on nontransaction accruals is much larger here than in Table 5 (-0.82 vs. -0.45, focusing on Panel A). This result implies that, controlling for current earnings, large negative NTAcc predict higher future cash flow. Alternatively, if we control for current cash flow in the regression, replacing NI t-1 with CF t-1 , the slope on NTAcc t-1 equals the sum of the estimated slopes on NI t-1 and NTAcc t-1 (see our discussion at the start of Sect. 4.1), giving a persistence slope of -0.05 in Panel A (0.77-0.82). Thus, conditional on a firm's current cash flow, NTAcc contain essentially no information about the firm's future cash flow. This result again shows that NTAcc are not just driven by write-downs or other charges that anticipate low future cash flow and provides additional evidence that nontransaction accruals have the least reliable information about a firm's subsequent performance.
Finally, it is interesting to note that, controlling for current earnings, long-term investment (InvAcc) is much more negatively related to future earnings in Table 5 than to future CF in Table 6 . Thus, profitability drops following high InvAcc but operating cash flow does not (the difference reflects the fact that InvAcc is negatively associated with subsequent nontransaction accruals). This result is opposite the pattern for dWC, providing additional evidence that working-capital accruals and long-term investment have different implications for future performance.
In summary, Tables 5 and 6 show that our decomposition captures meaningful differences among different types of accruals. Working-capital accruals, long-term investment, and nontransaction accruals all contribute to the low persistence of dNOA but have economically and statistically different predictive power. NTAcc appears to be the least reliable component, with low persistence slopes in the earnings regressions and little information about future cash flows.
Predicting stock returns
As noted above, our accrual decomposition permits a powerful test of the earnings and investment hypotheses: nontransaction accruals are strongly negatively related to future earnings (controlling for current earnings and the other components of accruals) but represent a component of accruals that is not linked to new investment expenditures. The earnings hypothesis suggests that NTAcc will predict returns, while the investment hypothesis implies the opposite.
Return data
Our return tests use nearly the same sample of firms as our persistence regressions, with a few minor tweaks. In the persistence regressions, a firm must have Compustat data in both the current and prior fiscal years (t and t -1). In contrast, the return regressions require firms to have CRSP data for year t and Compustat data for fiscal year t -1. Thus a firm can be included in the return regressions even if it does not have Compustat data for fiscal year t. The motivation for this approach is to avoid introducing any survival bias into the sample: we want to include any firm that could enter an investor's portfolio at the start of the year, not just firms that survive until the end of the year on Compustat.
We assume that accounting data are publicly available 4 months after the fiscal year. Return year t is therefore defined as the 12 months starting in the fifth month after fiscal year t -1. We regress monthly stock returns during this period on accruals for fiscal year t -1. We focus on monthly returns to avoid making any assumptions about what to do with firms that drop off CRSP during the year. Our tests simply include a firm up until the month it drops off CRSP, including any delisting return.
The return regressions include an average of 4082 stocks per month from May 1972 through December 2010 (464 months), compared with an average of 4036 firms in the persistence regressions. The subsample of all-but-tiny stocks has 1595 stocks per month, compared with an average of 1542 firms in the persistence regressions. The average monthly stock return is 1.24 % in the full sample and 1.09 % for all-but-tiny stocks, with cross-sectional standard deviations of 16.9 % and 11.1 %, respectively. Table 7 reports Fama-MacBeth regressions of monthly stock returns on lagged earnings and accruals. The regressions include a firm's market value (LogSize t-1 ), book-to-market ratio (LogB/M t-1 ), and past 12-month stock return (Ret Yr-1 ) as control variables since they are well-known predictors of returns (momentum is weak at the annual horizon, but we include Ret Yr-1 for completeness). Columns (1) and (2) confirm that total accruals (dNOA), working-capital accruals (dWC), and long-term accruals (dLTNOA) all have strong predictive power for subsequent returns, consistent with prior studies. The slope on dNOA in column (1) is more than eight standard errors below zero in both samples, while the slopes on dWC and dLTNOA in column (2) are more than six standard errors below zero. The point estimates on the three variables range from -2.10 to -2.22 in the full sample and from -1.71 to -2.61 in the all-but-tiny sample, similar to the slopes on dWC and dLTNOA reported by Richardson et al. (2005) (dividing their annual coefficients by 12). The primary new result in columns (1) and (2) is that the slopes on dWC and dLTNOA are strong not only in the full sample but also among larger stocks. One interesting difference between the samples is that the slope on dWC is about 50 % greater than the slope on dLTNOA (-2.61 vs. -1.71) in the allbut-tiny sample, a difference that is statistically significant (the t-statistic testing equality is -2.01). Thus, among larger stocks, working-capital accruals have stronger predictive power than long-term accruals.
Return regressions
Column (3) shows that investment and nontransaction accruals both contribute to the predictive power of dLTNOA, with slopes that are more than six standard errors from zero. Mirroring our findings in Sect. 4, the slope on NTAcc is roughly twice as big as the slopes on dWC and InvAcc (the differences are statistically significant, This table reports average slopes and R 2 s from cross-sectional regressions of monthly stock returns (in %) on lagged earnings, accruals, and other firm characteristics (the regression intercepts are omitted from the table). t-statistics, reported below the slope estimates, are based on the time-series variability of the estimates. All predictor variables are winsorized annually at their 1st and 99th percentiles and updated once per year, 4 months after the end of the firm's prior fiscal year. Prior-year earnings and accruals (NI, dNOA, dWC, InvAcc, NTAcc, Depr, OthAcc) are scaled by average total assets for that year and are defined in Table 1 . LogSize is the natural log of market value; LogB/M is natural log of book equity minus LogSize; and Ret Yr-1 is the prior-year stock return, skipping the final month. Accounting data come from Compustat, and market data come from CRSP. The sample includes all nonfinancial firms on CRSP and Compustat with nonmissing data for current returns and lagged LogSize, NI, and dNOA. The all-but-tiny sample drops firms below the NYSE 20th percentile based on LogSize with t-statistics testing equality ranging from -2.36 to -3.97). These results again demonstrate significant differences among different types of accruals. More importantly, the evidence contradicts the hypothesis that investment explains the accrual anomaly: nontransaction accruals are not tied to current investment expenditures yet have strong predictive power for both earnings and stock returnsindeed, the slope on NTAcc is stronger than the slope on investment-related accruals. The results are consistent with Sloan's (1996) earnings hypothesis and, in particular, the idea that investors do not fully recognize the low persistence of NTAcc.
A concern voiced by several readers is that the regressions in Table 7 do not control for investment in prior years, which might relate to current NTAcc and predict returns several years in the future. Recall, however, that NTAcc is negatively correlated with investment-high investment tends to be associated with more negative depreciation accruals, write-downs, and the other components of NTAccso controlling for lagged investment would increase, not explain, the predictive power of NTAcc. Indeed, the slope on NTAcc becomes slightly bigger, -4.19 with a t-statistic of -8.10 in the full sample, if we add InvAcc t-2 to the regression in column (3) (in a similar spirit, Richardson et al. (2006b) show that prior-year accruals add little to predictive regressions that include current-year accruals).
In column (4), depreciation and other nontransaction accruals both have strong predictive power for returns. Depreciation accruals have the most negative slopes in both samples, with point estimates of -5.86 and -5.50 and t-statistics of -6.68 and -4.81. These results are surprising since prior studies suggest that depreciation contributes little to the accrual anomaly (Sloan 1996; Thomas and Zhang 2002) . The strong depreciation effect in our tests can be explained by the fact that our regressions include not just working-capital accruals but also earnings and longterm investment. Depreciation accruals are positively correlated with NI and negatively correlated with InvAcc (see Table 2 ), so controlling for those variables significantly strengthens the slope on Depr [the slope drops by more than 50 % if we omit NI and InvAcc from the full-sample regression in column (4)]. In essence, the predictive power of depreciation is typically masked in the literature because of its correlation with profits and investment.
The strong negative slope on depreciation is interesting because Depr has a smaller slope than OthAcc in the earnings persistence regressions in Table 5 . This results suggests that investors are more surprised by the low persistence of Depr than the substantially lower persistence of OthAcc. One potential explanation is that, because depreciation itself is quite stable (with a first-order autocorrelation of 0.87), investors might not realize that depreciation has relatively low persistence when forecasting earnings, with a persistence slope of 0.68-0.73 in Table 5 (adding the slopes on NI t-1 and Depr t-1 ). Investors might overlook depreciation, in part, if they focus on measures of earnings before depreciation (e.g., EBITDA). An alternative possibility is that stock prices react not only to earnings but also to cash flow, and investors may be surprised by the strong negative relation between Depr and subsequent cash flow found in Table 6 .
The significance of Depr illustrates another important fact: the predictive power of nontransaction accruals is not just driven by write-downs and other special items.
More explicitly, column (5) shows that controlling for special items has little impact on our results: special items are insignificant, and the other slopes remain similar to the estimates in column (4). For example, in the full sample, the slope on OthAccthe component of accruals that is most highly correlated with special items-drops only slightly from -3.90 in column (4) to -3.70 in column (5) and remains highly significant. Thus, the predictive power of NTAcc does not simply reflect the impact of special items documented by Dechow and Ge (2006) . 4 A final important result in Table 7 is that, controlling for accruals, earnings have significant predictive power for returns. Across the different specifications, the slope on NI t-1 varies from 1.05 to 1.29 in the full sample (t-statistics of 2.52-2.98) and from 2.11 to 2.71 among larger stocks (t-statistics of 3.75-4.82). The positive slope is consistent with post-earnings-announcement drift in returns [as well as the evidence in French (2006, 2008) and Novy-Marx (2013)], though the accrual literature has often missed this effect. In fact, the lack of a reliably positive slope on earnings has been one of the problems for Sloan's (1996) earnings-fixation hypothesis: if investors fixate on earnings, they should be just as surprised by the higher persistence of cash flows as they are by the lower persistence of accruals. Thus, our positive slope on NI t-1 provides new support for the earnings-fixation hypothesis.
In terms of magnitudes, the slope on earnings is about half the slope on accruals in the full sample and similar to the slope on accruals among larger stocks. If the magnitudes were identical, a single combined measure, earnings minus accruals, would encompass the predictive power of both variables (i.e., variables with identical slopes can be combined with no loss of explanatory power). As noted in Sect. 2, the combined variable equals a firm's free cash flow, FCF = NI -dNOA. The evidence in Table 7 therefore suggests that a pure cash flow variable might capture a significant portion of the accrual anomaly. Table 8 tests that hypothesis directly. The table is identical to Table 7 except that FCF t-1 is used in place of NI t-1 in the regressions. Note that, if the relation FCF = NI -dNOA held exactly in the data, the change in variables would have no impact on the regressions except that the slope on dNOA would now equal the difference between the slopes on NI and dNOA estimated in Table 7 (the slope on FCF would be the same as the slope on NI). In practice, the relation does not hold exactly because we winsorize the variables, but the impact of this slippage is relatively small. 5 4 One complication is that special items are zero for most firms at the start of the sample. This does not create a problem for the other variables, but it does make the slope on special items highly volatile prior to 1975. For robustness, we note that the results are similar if we drop the early years from the tests (special items remain insignificant, while other variables continue to have strong predictive power.) We have also repeated the tests using a dummy variable that equals one if special items are less than -2 % of assets and zero otherwise, following the approach of Dechow and Ge (2006) . Again, the dummy variable itself is not significant, and the slopes on the other variables are very close to those reported in Table 7 . In addition, we explored the predictive power of asset impairments using the supplemental data items GDWLIP and WDP on Compustat, available after 2001. Those items are insignificant and have little effect on the other slopes, though power is limited given the relatively short sample. 5 We view the benefits of winsorization as outweighing the benefits of having the accounting identities hold perfectly in the data. An alternative approach would be to winsorize only net income and the components of accruals and to construct dNOA and FCF from the winsorized variables. However, it is not clear which variables to winsorize first and which to construct after, so we prefer the simpler approach of just winsorizing all of the predictors separately. The key goal, in our view, is to ensure that all of the Table 8 shows that the slopes on accruals shrink significantly when we control for FCF, but accruals-especially nontransaction accruals-have some incremental predictive power. In the full sample, the slope on dNOA declines by This table reports average slopes and R 2 s from cross-sectional regressions of monthly stock returns (in %) on lagged cash flow, accruals, and other firm characteristics. (The regression intercepts are omitted from the table.) t-statistics, reported below the slope estimates, are based on the time-series variability of the estimates. All predictor variables are winsorized annually at their 1st and 99th percentiles and updated once per year, 4 months after the end of the firm's prior fiscal year. Prior-year cash flow and accruals (FCF, dNOA, dWC, InvAcc, NTAcc, Depr, OthAcc) are scaled by average total assets for that year and are defined in Table 1 . LogSize is the natural log of market value; LogB/M is natural log of book equity minus LogSize; and Ret Yr-1 is the prior-year stock return, skipping the final month. Accounting data come from Compustat, and market data come from CRSP. The sample includes all nonfinancial firms on CRSP and Compustat with nonmissing data for current returns and lagged LogSize, NI, and dNOA. The all-but-tiny sample drops firms below the NYSE 20th percentile based on LogSize Footnote 5 continued variables capture what they intend to capture and that the results are not driven by a few extreme data points. Our approach satisfies those requirements.
The predictive power of investment and accruals about a half relative to the estimate in Table 7 but remains three standard errors below zero. The slopes on dWC and InvAcc are marginally significant, with t-statistics of -1.77 and -1.97, while the slope on NTAcc and its components (Depr and OthAcc) remains highly significant (t-statistics of -4.17 to -4.93 in columns 3 and 4). In the all-but-tiny sample, FCF fully absorbs the predictive power of dNOA, dWC, and InvAcc-many of the estimates actually become positive-but nontransaction accruals continue to be significant, with t-statistics ranging from -1.77 to -2.27 in columns (3) and (4). Thus, FCF absorbs a significant portion of the accrual anomaly but cannot explain the predictive power of nontransaction accruals, again contrary to the predictions of the investment hypothesis.
Portfolios
To provide additional perspective on the predictive power of accruals, Table 9 reports average monthly returns for accrual-sorted portfolios. We form four sets of portfolios, based on (1) total accruals, (2) working-capital accruals, (3) long-term investment, and (4) nontransaction accruals. The first three sets are constructed simply by sorting stocks based on dNOA, dWC, and InvAcc. For the final set, rather This table reports average monthly returns (in %) for four sets of accrual-sorted portfolios, formed based on (1) total accruals (dNOA), (2) working-capital accruals (dWC), (3) long-term investment (InvAcc), and (4) the component of nontransaction accruals that is uncorrelated with dWC and InvAcc (this component is labeled NTAcc*). Low-High is the average return on decile 1 minus decile 10. Portfolios are equal-weighted and formed monthly using NYSE breakpoints. The accrual variables, defined in Table 1 , are updated once per year, four months after the firm's fiscal year-end. Accounting data come from Compustat, and market data come from CRSP. The sample includes all nonfinancial firms on CRSP and Compustat with nonmissing data for current returns, dNOA, and net income. The all-but-tiny sample drops firms below the NYSE 20th percentile based on beginning-of-year market value than sort directly on NTAcc, we sort on the component of NTAcc that is uncorrelated with the dWC and InvAcc, i.e., we regress NTAcc each month on dWC and InvAcc and sort stocks based on residuals from the regression (labeled NTAcc*). The goal is to isolate the component of accruals that is uncorrelated with investment to provide a clean test of whether non-investment-related accruals have predictive power. Like our cross-sectional regressions, Table 9 shows that dNOA and all three components strongly relate to subsequent stock returns. Total accruals have the strongest predictive power, with a return spread between decile 1 and decile 10 of 1.35 % in the full sample and 1.03 % among all-but-tiny stocks (with t-statistics of 10.48 and 7.87, respectively). The return spreads are lower but still economically and statistically strong when we sort based on dWC, InvAcc, and NTAcc*. Most important, Table 9 shows that sorting stocks based on accruals constructed to be uncorrelated with investment creates a large spread in portfolio returns, with a longshort return of 0.71 % monthly in the full sample and 0.54 % in the all-but-tiny stock sample (with t-statistics of 6.19 and 5.07). Again, these results provide strong evidence a significant portion of the accrual anomaly cannot be explained by investment.
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Figure 2 explores how returns on the long-short portfolios change through time. Specifically, the figure plots average monthly returns over 10-year rolling windows (the x-axis identifies the final month of the window) for the four long-short portfolios described in Table 9 , based on dNOA (dark solid line), dWC (dotted line), InvAcc (dashed line), and NTAcc* (light solid line).
Similar to the findings of Richardson et al. (2010) and Green et al. (2011) , our results suggest that strategies based on dNOA and dWC have become less profitable in recent years, dropping markedly in the last 10 years of the sample. For example, focusing on results for all stocks (Panel A), the average monthly return on the dNOA strategy drops from 2.39 % in the 10 years ending December 2000 (close to its all-time peak) to 0.94 % in the 10 years ending December 2010. The average return on the dWC strategy drops from 1.13 % to 0.13 % during the same period. In contrast, the 10-year average return on the nontransaction accrual portfolio is relatively stable at the end of the sample-indeed, the return from January 2001-December 2010 is slightly higher than the average return over the whole period: the 10-year rolling average equals 0.80 % for the first 10 years of the sample, peaks at 1.28 % in the 10 years ending January 2004, and equals 0.76 % over the final 10 years. These results suggest that our NTAcc strategy has been affected less by whatever forces have reduced the profitability of other accrual strategies.
Conclusions
The accrual anomaly remains one of the most challenging asset-pricing anomalies to interpret because of the close link not only between accruals and earnings but also between accruals and investment. The second link makes it hard to test whether the market's reaction to accruals is due to a firm's underlying investment expenditures or to the way expenditures are recorded in the firm's financial statements.
Our paper is the first to distinguish explicitly between investment-related and non-investment-related accruals. The latter group, which we label nontransaction accruals, include items such as depreciation, amortization, asset write-downs, deferred taxes, and other accounting charges that are subject to substantial managerial discretion but do not represent new investment expenditures. Our central thesis is that nontransaction accruals should help to predict returns if investors fail to appreciate the low reliability and persistence of nontransaction accruals but not if The figure plots 10-year average monthly returns, ending in the month indicated on the x-axis, for investment strategies based on total accruals (dNOA; dark solid line), working-capital accruals (dWC; dotted line), long-term investment (InvAcc; dashed line), and the component of nontransaction accruals that is uncorrelated with dWC and InvAcc (NTAcc*; light solid line). Each strategy invests in an equalweighted portfolio of low-accrual stocks (bottom decile) and shorts an equal-weighted portfolio of highaccrual stocks (top decile) based on one of the four accrual measures. The variables, defined in Table 1 , are updated once per year, 4 months after the firm's fiscal-year end. Accounting data come from Compustat and market data come from CRSP. The sample includes all nonfinancial firms on CRSP and Compustat with nonmissing data for current returns, dNOA, and net income. The all-but-tiny sample drops firms below the NYSE 20th percentile based on beginning-of-year market value investment drives the accrual anomaly, as proposed by Fairfield et al. (2003) and Wu et al. (2010) .
Empirically, we find that nontransaction accruals have strong predictive power for subsequent stock returns, consistent with the earnings hypothesis. In FamaMacBeth regressions, nontransaction accruals have the most negative predictive slopes for stock returns, with point estimates that are up to twice as large as the estimates on working-capital accruals and investment. The results provide strong evidence that investment does not fully explain the accrual anomaly.
More broadly, our evidence shows that working-capital accruals, long-term investment, and nontransaction accruals have very different predictive power for firm performance, not just for earnings but also for cash flow, free cash flow, and stock returns. Indeed, the predictive regression R 2 s sometimes jump dramatically when the components of accruals are allowed to have different slopes. The results imply that our decomposition captures economically and statistically significant differences among different types of accruals. The results contradict the idea that the accrual anomaly is driven by a generic growth effect and suggest instead that different types of accruals capture different dimensions of firm performance.
It is useful to note that we have not tried to distinguish explicitly between risk and mispricing explanations for the accrual anomaly. However, our results are hard to reconcile with risk-based explanations proposed in the literature, which predict a link between stock returns and investment, not stock returns and nontransaction accruals (e.g., Khan 2008; Wu et al. 2010) . Of course, nontransaction accruals might correlate with risk for reasons not captured by existing stories. One possibility is that a negative shock to a firm's investment opportunities could make the firm riskier and precipitate asset write-downs or other accounting charges that show up in nontransaction accruals today, reflecting the deteriorating value of a firm's assets. This would suggest that write-downs and large negative NTAcc might naturally be associated with higher expected stock returns, consistent with our evidence.
The problem for a risk-based story like the one above is that large negative NTAcc are associated, empirically, with higher M/B ratios and higher investment. Firms with large negative NTAcc do not have low operating cash flow, today or in the future, and continue to grow at least as rapidly as other firms. Our results are broadly consistent with Momentè et al.'s (2015) evidence that accruals' predictive power comes almost entirely from firm-specific accruals rather than industry-wide variation in accruals: the former are more likely to capture mispricing-based ''distortions,'' while the latter are more likely to be driven by risk. In short, the evidence seems most consistent with a mispricing view in the spirit of Sloan (1996) . But, again, our main conclusion is more basic: investment-based stories for the accrual anomaly-rational and irrational-do not explain many patterns in the data.
See Tables 10. Provision for doubtful accounts -24.5 -3.9
The predictive power of investment and accruals The predictive power of investment and accruals Stock appreciation rights -11.9 -0.7
Other -0.6 -0.1
This table reports the components of Funds from Operation-Other (FFOther, in $ millions and % of total assets) for the 20 largest firms in the sample that had big negative FFOther (in the bottom one-third of the sample when firms are sorted by FFOther scaled by average assets) but no special items in 1998 ( 
